This article proposes a research strategy to deal with the scarcity of data on beneficiaries for conducting impact assessments of community-level projects. Community-level panel data from a regular household survey augmented with a special community module are used to measure the impact of projects. Propensity score-matched differencein-difference comparisons are used to control for time-invariant unobservable factors. This methodology takes into consideration the purposeful placement of projects and their interactions at the community level. This empirical approach is applied to infrastructure rehabilitation projects-for schools, roads, and water supply systems-in rural Georgia between 1998 and 2001. The analysis produces plausible results regarding the size of welfare gains from a particular project at the village level and allows for differentiation of benefits between the poor and the nonpoor. The findings of this study can contribute to evaluations of the impact of infrastructure interventions on poverty by bringing new empirical evidence to bear on the welfare and equity implications.
, Lee and others (1997) , and Brockerhoff and Derose (1996) analyze improvements in water and sanitation facilities. Glewwe (1999) , Hanushek (1995) , and Kremer (1995) evaluate the impacts of school infrastructure rehabilitation projects. Jacoby (2002) and van de Walle and Cratty (2002) analyze the effect of improvements in access to roads. For the most part researchers have had to apply matching techniques combining samples of beneficiaries with samples from regular household surveys, and they have used panel data or instrumental variables to deal with biases arising from the nonrandom placement of a project under evaluation.
Following this practice, the empirical approach proposed here applies propensity score-matched difference-in-difference comparison between project beneficiaries and a control group to purge biases arising from time-invariant unobservable community characteristics that might affect project outcomes. The approach also employs several innovations. First, a carefully designed community survey with sufficiently long recalls is used to compensate for the lack of baseline data. Second, repeated cross-sections from a household survey are aggregated to the community level to obtain longitudinal observations at the community level, with the community treated as a unit of observation. Third, the analysis explicitly considers all infrastructure micro-projects in every community. Fourth, the methodology is applied to assessment of infrastructure rehabilitation projects rather than to the construction of new facilities, the focus of most studies so far.
This approach is applied to data from Georgia, one of the poorest countries of the former Soviet Union. The analysis is conducted for all community-level infrastructure rehabilitation projects-school, roads, and water supply systems-in rural areas between 1998 and 2000. The proposed evaluation strategy produces defendable results on the size of welfare gains from a particular project at the village level and can differentiate gains to the poor and gains to the nonpoor.
The limitations of the approach are not trivial, however. It produces reliable results only for projects affecting a significant fraction of the population-projects large enough for a regular household survey to register their impacts. Consequently, the proposed strategy is probably best suited for large-scale projects deployed with little regard for the need for subsequent evaluation, such as disaster response operations or decentralized public investment programs in developing areas.
I. COMMUNITY-LEVEL I N V E S T M E N T P R O J E C T S I N G E O R G I A
Economic and political turmoil have led to a dramatic fall in living standards in Georgia, once one of the richest republics of the former Soviet Union. Independent Georgia inherited developed infrastructure facilities, but these have been deteriorating rapidly. Rural areas have been hit particularly hard, suffering from increasing economic marginalization and impoverishment (World Bank 2003b) . The decay of infrastructure providing public services has resulted in deteriorating nonincome indicators, particularly those related to child welfare-school enrollment rates have fallen, maternal mortality ratios have risen, and infant mortality rates have remained high (World Bank 2003a) .
Georgia has few resources available for rehabilitating its severely decayed infrastructure. Donor funds have been required to finance basic maintenance of roads, repair of water and sanitation systems, and urgent rehabilitation of school facilities. In the early 2000s as many as 218 donor organizations were actively involved in such projects (UNOCHA 2003) .
Because of the backlog in deferred and neglected maintenance, the government and donors will continue to face difficult tradeoffs between capital investments and spending on critical current needs. To make such choices, it is important to know which rehabilitation and maintenance programs address the most critical needs.
Little is known, however, about the impact of these activities on households. Although every donor-financed operation includes an evaluation module, these evaluations often focus only on project-specific outputs. In the rare cases when beneficiaries have been the center of attention, lack of data and ad hoc choice of the control groups have limited the usefulness of evaluation. Evaluation attempts have focused exclusively on projects sponsored by the agency requesting the evaluation, overlooking the many micro-projects implemented in parallel (and often with little coordination) by different donors in the same community.
To help channel scarce public resources to their best uses, this article investigates the welfare impact of various types of rural infrastructure rehabilitation projects and evaluates their targeting (or placement). It also provides evidence on whether such activities benefit the poor, a useful input to the implementation of a poverty reduction strategy in Georgia.
II. DATA A N D D E F I N I T I O N S
The data used for the analysis come from a household survey and a community survey. The household-level information is provided by the ongoing multitopic Survey of Georgian Households (SGHH). The survey, begun in July 1996 and conducted quarterly by the State Department of Statistics, collects information on the demographic characteristics of household members, their labor market activities, and their access to social services. One section of the questionnaire gathers information on income and consumption expenditures and ownership of assets. Modules collecting information on health and education outcomes were introduced in the first quarter of 2000.
The household survey uses a two-stage stratified rotating sample of 2800 households, representative at the national, urban, rural, and regional levels. At the first stage 282 primary sampling units are randomly selected from the stratified list of 12,000 census units with probability proportional to size. In rural areas the primary sampling units roughly correspond to villages. At the second stage, 7-20 households are randomly selected from each primary sampling unit. These households stay in the survey for four consecutive quarters and are then replaced by different households from the same sampling unit. This process continues until the list of households in the sampling unit is exhausted. At that point, another primary sampling unit is chosen from the same stratum. Each sampling unit tends to remain in the survey for years, making it possible to construct village-level panels spanning multiple periods. In total, the survey covers 174 rural population sites.
Community-level data were collected through the Rural Community Infrastructure Survey (RCIS) conducted in May-June 2002 by the Georgian Opinion Research Business International with the support of the State Department of Statistics and the World Bank. The survey covers all 174 rural population sites from the household surveys. In addition, to expand the sample of beneficiaries, 75 villages not covered by the household surveys were selected from a list of 360 villages supplied by a major donor involved in the community projects, giving a total sample of 249 villages.
1 A typical village in the sample benefited from multiple infrastructure projects-57 percent of survey sites reported having two or more projects carried out between 1998 and 2002 (the maximum was 15 projects). Forty-nine villages (20 percent of the sample) had no projects.
One of the main purposes of the rural infrastructure survey is to collect retrospective information on infrastructure projects. The survey questionnaire includes sections on the state of transport infrastructure, water supply systems, schools, kindergartens, and healthcare facilities. It also covers sources of livelihood for the local population based on detailed modules on agricultural and nonfarm activities. One section of the questionnaire contains detailed questions on all infrastructure rehabilitation projects carried out since 1996: dates of initiation and completion of each project, source of funds, and sector. Information was collected from key informants in rural sites, such as local authorities, informal leaders, nongovernmental organizations, and social assistance workers.
Because the survey covers all villages covered by the household surveys, there is complete overlap between these two sources of data. This permits the use of both community and household information for analysis.
2

Evaluation Sample
The community infrastructure survey collected information on 549 rehabilitation projects funded by local and international agencies covering schools 1. The data are from the Georgia Social Investment Fund. Detailed information on the Rural Community Infrastructure Survey sample frame, methodology, and questionnaire design can be found in GORBI and Georgia State Department for Statistics (2003) .
2. Although this design feature of the community infrastructure survey compensates for the absence of proper baseline data for some indicators used in the analysis, the long recall period for the village-level outcome measures could introduce bias. The reliability of recall data is often questioned on the basis of framing bias (see, for example, Kahnemann 2003) . To minimize such bias, group interviews were conducted to reduce individual heterogeneity in the responses of local informants.
(28 percent of projects), road infrastructure (27 percent), water supply systems (11 percent), medical facilities (6 percent), kindergartens (3 percent), and other infrastructure rehabilitation projects (25 percent).
The three largest groups of interventions were evaluated-schools, road infrastructure, and water system rehabilitation projects. To fit the recall period of the rural infrastructure survey, the analysis uses projects that began on or after 1998 (the baseline) and that were completed by January 2001. That yielded a total of 144 projects in 106 villages.
Impact Indicators
Two sets of impact indicators were identified for each project, one drawn from the community infrastructure survey and one from the household survey. Community-level indicators based on the community infrastructure survey measure changes between 1998 and 2002.
3 Village-level averages, which are based on data from the household survey, compare outcomes in 2000 and 2001. This arrangement is dictated by data availability and creates some disconnect between the two timeframes. It is not a big problem, however, because the majority of projects in the treatment group were completed in 2000. 4 The indicators are listed in appendix table A1, and their values are shown in table 1, averaged across villages in the sample calculated at the beginning and at the end of the timeframe chosen for the analysis. 5 To deal with the problem of several influential outliers, changes in some continuous variables were recoded into simple categorical variables, reporting the balance between positive and negative changes.
Some outcome indicators reflect alarming trends in access to education, quality of road infrastructure, and availability of piped water. Only 68 percent of villages had all school-age children in school in 1998; by 2002 only 59 percent did. Household-level data suggest that close to 8 percent of children in an average village missed more than 30 days of classes in 2000. This indicator improved for all villages in the sample by the end of 2001.
For 1998 as many as 91 percent of villages reported that the quality of their main roads was inadequate. This indicator improved considerably by 2002, but respondents in 71 percent of villages still complained about road quality. In more 3. The treatment group includes villages with projects completed before the beginning of 2001, allowing at least one year to pass before assessing project benefits.
4. Omitting these cases would reduce the number of usable observations, which is a critical constraint in the study. We chose to retain all the villages but to exercise care in interpreting results.
5. Note the difference in the definition of ''before'' and ''after'' in community infrastructure survey and household survey indicators. Also, the number of observations reported for the household survey in than half the villages, it took more than four hours for an ambulance to respond to a call. In 1998 and 2002 only about 56 percent of rural households were connected to a piped water supply. Piped water was available an average of eight hours a day. The high and increasing incidence of waterborne diseases among children is of particular concern. By 2001 as many as 2 percent of children below age seven reported illnesses related to poor water quality in the month preceding the survey.
III. METHODOLOGY
The criteria for project placement vary among agencies operating in Georgia, but in most cases placement criteria take into account the extent of poverty or its correlates, the state of infrastructure in a village, or regional characteristics. Many projects rely on demand-driven targeting mechanisms. Whether a particular village gets a project can depend on the village's ability to seek support from implementing agencies. Villages are chosen by project managers based on characteristics that could be correlated with the expected outcomes of a project. Because of such nonrandom placement, a simple comparison of outcomes between villages with projects and villages without projects would be invalid.
If selection of a village for a project is based purely on observable characteristics, a propensity-score matching method can be used to correct for selection bias (Rosenbaum and Rubin 1983; Rubin 1973) . The propensity score measures the probability that a project is implemented in a village as a function of that village's observed preintervention characteristics. Villages with projects (the treatment group) are matched with villages without projects (the control group) on the basis of the propensity score.
Following Chen and Ravallion (2003) , outcome measure I it for a project in ith village at date t is defined as:
where I Ã it is the outcome for a village if the project is not implemented, and G it I is the gain to village i from an outcome attributable to a project. Then the estimate of the average impact of the project on a treatment village (dummy variable D i ¼ 1) can be decomposed as:
From equation 2 the estimation bias amounts to
There is no bias in a simple comparison of the means between treatment and control villages if the terms of equation 3 are equal. The cross-sectional propensity score method assumes that conditional on a set of observed characteristics X,
Thus, the cross-sectional propensity score method produces an unbiased estimate of the project effect if project placement is based purely on a village's observed characteristics.
However, some unobserved characteristics of the village that are correlated with project outcomes might also be correlated with project placement. This correlation can introduce bias in the estimation of project impact. For example, an active parent group might lobby the village authorities to pursue a school rehabilitation project. This same group of active parents might then become involved in the education process and positively affect school outcomes for their children. If the evaluation does not take into account the differences in parental activity between treatment and control villages, the effectiveness of the school project will be overestimated.
If the preintervention differences between treatment and control villages are assumed to be the result of time-invariant unobserved factors, the difference-in-difference method can be used to correct for possible bias. The preproject difference in outcomes may be subtracted from the postproject differences for the same villages. The underlying assumption in this method is that the time trend in the control group is an adequate proxy for the time trend that would have occurred in the treatment group in the absence of an intervention, or
The mean difference in difference for the outcome is estimated by taking the expectation of equation 1 over all N sample villages using equation 5:
If the outcomes in period 0 are not correlated with project placement, equation 6 estimates the mean changes in outcomes for the treatment villages.
This study uses the matched difference-in-difference method, which combines propensity score-matching and difference-in-difference methods. Recent studies by others (1997, 1998) have argued that combining these methods can substantially reduce the bias found in other nonexperimental evaluations. First, villages from the control and treatment groups are matched using propensity score matching. This matching removes the selection bias due to the observed differences between treatment and control villages.
Then the difference-in-difference method is applied to correct for possible bias due to the differences in time-invariant unobserved characteristics between the two groups. To evaluate the impact of the project, the changes in outcome measures are compared between matched villages from the treatment and control groups.
There is another form of bias that these methods cannot remove, which arises from time-variant unobservable characteristics correlated with both project placement and the outcomes of the intervention. 6 In particular, project placement could be based on unobserved community characteristics that are correlated with changes in the expected project outcomes. However, there are reasons to believe that this bias may not arise in the context of micro-projects in rural Georgia. The project placement procedures used by the implementing agencies are based on formal criteria that capture exclusively the current state of affairs. Thus, placement can reduce (but not completely eliminate) possible bias from time-variant unobservables.
IV. RESULTS
The project placement mechanism for each type of intervention is modeled first as a function of a large set of variables from the community infrastructure survey that include village-level aggregates on geographic, demographic, and socioeconomic conditions (table 2). The model also controls for the presence of other projects in the same village. For example, in the specification that models the probability of a village participating in a school rehabilitation project, two dummy variables are included to reflect the presence of road and water projects.
The probit estimates for three types of interventions are shown in table 2. The adjusted pseudo-R 2 of these estimations ranges from 0.156 for the school projects to 0.393 for the water projects. These are acceptable levels of explanatory power. A high R 2 could indicate the existence of fundamental differences between the characteristics of project and nonproject villages, which would make the formation of a proper control group very problematic. Only a few coefficients in the table are significant-the indicator of natural disasters, for example. This should not be taken as a sign of problems in forming a control group because the empirical specifications include many correlated variables and the purpose of the estimation is to calculate the propensity score and not model an underlying selection mechanism.
6. This problem is thought to be severe for infrastructure programs in poor areas if the deficient state of infrastructure in the initial period not only attracts the rehabilitation project, but also reduces future growth (Jalan and Ravallion 1998) . 
School Rehabilitation Projects
Typically, school projects in Georgia focus on improving school buildings: repairing roofs, windows, and floors; replacing pipes; installing sanitary and heating equipment; and repainting walls. These projects may yield several types of benefits to the community. School rehabilitation may improve both enrollment and attendance rates. Better heating and repaired windows could be particularly important in Georgia, where some rural schools close for several weeks in winter because of frigid classrooms (Orivel 1998) . Changes in household expenditures on schooling can be used as an indicator of the private response to investment in school rehabilitation. The subjective assessments of schooling conditions provide a useful check on results based on objective measures. School rehabilitation projects were completed in 61 villages (about a quarter of all villages) in the community infrastructure survey sample by 2001. Thirtyseven of these villages were also covered by the household survey. The initial (unmatched) control group was constructed from villages without school projects and villages with incomplete school projects at the end of 2001.
For the community infrastructure survey data three outcome indicators are reported at the community level based on difference-in-difference estimation of the impact of school rehabilitation projects for the unmatched control group and propensity score match-constructed control group (table 3) . No significant differences are detected between the treatment group and the two control groups for the share of villages reporting that all children are enrolled in school, which declined for all groups between 1998 and 2002. In approximately a third of project villages the number of pupils and the number of graduates increased while decreasing in the control group (this difference is statistically significant). The village-level subjective assessment indicator shows a significant change in the perception that access to education improved between 1998 and 2002 for the treatment villages but not for the control villages. A more detailed set of outcome indicators is estimated for the household survey data. In treatment villages, primary and secondary school enrollment rates increased by 6 percentage points between 2000 and 2001; there was no change in matched control villages. However, this difference is only marginally significant. A more responsive indicator of school attendance shows clearer benefits from school improvements. The share of pupils missing classes dropped by more than 5 percentage points in treatment villages, and it increased by 2 percentage points in the matched control group.
The health impact of school rehabilitation is substantial. The incidence of respiratory diseases among school-age children declined by 12 percentage points in villages with a project compared with a decline of slightly more than 5 percentage points in villages without a project. No significant changes in parents' assessments of schooling conditions were detected.
Overall, the estimation results fit the prior expectations. In Georgia, where primary education is compulsory, the most sensitive gauge of project impacts is changes in attendance, the outcome indicator for which the results are the most significant. It can also be speculated that if school rehabilitation projects induce a positive response in one indicator in treatment villages, this could lead to improvements in other indicators that intuitively are less sensitive to this type of intervention. Improvement in the health status of school-age children is one example.
Improvements in Road Infrastructure
Road and bridge rehabilitation often means repaving existing roads, restoring road structures damaged or destroyed by flooding and earthquakes, and widening road intersections and bridges. Such rehabilitation can reduce commuting time and improve access to markets. Investments in roads and bridges are likely to generate new income opportunities for agricultural households, with impacts far beyond the project site.
7 Several labor market studies have identified offfarm employment, an activity highly dependent on transportation, as the driving force behind welfare change in Georgia (Bernabè 2002; Yemtsov 2001) . Poor access to product markets appears to constrain growth and to perpetuate barter trade (Cord and others 2003). 7. According to studies of other countries in Eastern and Central Europe, poor road quality can add 28-44 percent to transportation costs for local producers and to commuting costs for rural dwellers. Lowering transportation costs will have a dramatic effect on the poor, because poor households generally tend to be located in very remote areas (World Bank 2003c) .
By the end of 2000 road improvement projects were completed in 41 villages, or 19 percent of the community infrastructure survey sample; 36 of these villages were also covered by the household survey. The initial control group was constructed from all villages without road or bridge projects completed between 1998 and 2001.
The most immediate outcome indicator of a road rehabilitation project-time spent commuting to the district center-shows a 36-minute reduction in project villages, but these gains are not statistically different from changes for the control group (table 4) .
Indicators linked to the economic impact of projects show more pronounced trends. The share of villages with active nonagricultural small and medium-size enterprises increased in project villages, a statistically significant change compared with the propensity score-matched control group. The share of villages reporting barter exchange among the main channels for marketing agricultural products dropped significantly as a result of the road projects while increasing in control villages. Subjective assessments reflect no reaction to road rehabilitation interventions.
Off-farm employment and female wage employment rates increased in villages affected by road rehabilitation but declined in the control villages. Indicators reflecting changes in the per capita market sales of agricultural products, however, showed no improvement in the treatment villages. Time for an ambulance to arrive improved in 24 percent of the treatment villages. This compares favorably with the worsening of this indicator in the propensity score-matched control group. The difference between the control and treatment groups in the rate of road accidents is not statistically significant. Some of the effects from road rehabilitation projects could be difficult to capture because of their data requirements and long-run nature. For example, indicators of improved road safety impose high demands on data coverage because accidents occur rarely.
Water System Rehabilitation Projects
Water projects include a wide range of works-installing new or repairing existing communal water tanks, installing water treatment equipment, fitting new pumps, repairing or installing pipes, and rehabilitating wastewater management networks. Benefits could include a reduction in the incidence of waterborne disease (Jalan and Ravallion 2003) , less reliance on more expensive alternatives to piped water, and more time for child schooling and for productive activities among adults, particularly women.
Coverage was less extensive for water rehabilitation projects than for school or road projects. In the community infrastructure survey, 17 villages (7 percent of the sample) had a water system rehabilitation project completed by the end of 2001. Only nine villages in this group were also covered by the household survey. The small number of cases make this an important test of the limits of the proposed evaluation strategy.
The impact evaluation estimations show that the range of drinking water supply options expanded in 24 percent of project villages ( and 2002. Coverage of piped water supply increased 11 percent in the treatment villages compared with no change or even slight deterioration of coverage in the control groups. The number of hours that piped water is available increased substantially in the project villages while declining considerably in the matched control group. Comparison of changes in the incidence of waterborne diseases shows a marginally significant effect. Other impact indicators show changes in the expected direction (with the exception of changes in the female employment rate), but the differences between the treatment and control group averages are insignificant. Difficulties in observing significant effects of water rehabilitation projects could be linked to three factors. First, water projects were the least ''popular'' in rural Georgia according to the community infrastructure survey, resulting in too small a sample to capture the effect. Second, it is difficult to extract specific indicators reflecting improved access to water from a regular multitopic survey. Third, a distinct feature of water projects is partial coverage of the population. In many villages only certain clusters of houses are connected to pipes and therefore are direct beneficiaries of this kind of intervention. As a result, the effect observed at the village level may not fully reflect the heterogeneity in impact among project beneficiaries. This issue is addressed in the next section.
Distributional Impact of Infrastructure Rehabilitation Projects
Households within the same village may benefit differently from a particular project. Jalan and Ravallion (2003) find that piped water projects, for example, have different impacts for poor and nonpoor households in India.
To assess whether infrastructure rehabilitation projects had different impacts on the living standards of poor and nonpoor households in Georgia the main outcome indicators were reconstructed using subsamples of poor and nonpoor households from each village covered by the household survey. Communitylevel impact indicators from the community infrastructure survey were omitted because these cannot be differentiated for the poor and the nonpoor.
Poor households seem to have benefited more than nonpoor households from school rehabilitation projects (table 6) . The most sensitive indicator-improvements in school attendance-shows that school rehabilitation has a significant effect on the poor. The share of children from poor households missing classes declined by 11 percentage points as compared with about 2 percentage points for nonpoor households. Similarly, health outcomes improved more among children from poor households than from nonpoor households. Changes in school enrollment rates, however, demonstrate a better response for children from nonpoor households, whereas differences in changes in private educational expenditures are ambiguous.
The distributional impact of road rehabilitation projects varies for different outcome indicators. The nonpoor clearly benefited more in improved access to emergency medical assistance and in opportunities for nonagricultural employment. agricultural products plummeted for the whole country, and the decline was particularly strong for rich households, which had been better integrated into markets. This is what the impact analysis results show here, suggesting that road quality is not the main driver in this process. The key benefits from water projects are related to improvements in health status, which were found mainly among nonpoor households. Changes in the incidence of waterborne diseases among poor households were not statistically different between treatment and control groups.
V. CONCLUSION
This analysis of the impact of community-level investments in infrastructure rehabilitation in rural Georgia on household well-being combined householdand community-level survey data, controlling for time-invariant unobservable characteristics at the community level by applying propensity score-matching difference-in-difference comparisons.
The results indicate that improvements in school infrastructure produced nontrivial gains in school enrollment rates, raised school attendance, and reduced health risks for school-age children. Road and bridge rehabilitation projects generated clear economic benefits at the community level. The number of small and medium-size enterprises increased, and the importance of barter trade fell. Access to emergency medical assistance improved unambiguously. For water system rehabilitation interventions, the most unambiguous effect is the reduction of the incidence of waterborne diseases. The impact of water projects measured by other indicators is less clear-cut. To a large degree, the ambiguity is related to the small number of project villages in the sample. Community-level interventions had different distributional impacts. School rehabilitation improved school attendance and children's health status among the poor more than it did among the better off. Road projects benefited the poor and nonpoor in different ways. The nonpoor gained more from improved accessibility to emergency medical assistance. Expansion of nonagricultural job opportunities favored women from poor households. That better-off households fully accounted for the observed decline in the incidence of waterborne diseases suggests that the benefits of water rehabilitation projects accrue mostly to the nonpoor.
It is encouraging to see such richness in the results considering that the analysis relied on modest additional data collection. The methodology demonstrates that evaluation of project impact is possible even in the absence of proper baseline survey data. Carefully designed community surveys (collecting retrospective information) in combination with ongoing nationally representative household surveys could provide a feasible and low-cost alternative to standard before-and-after techniques, perhaps stimulating wider use of robust impact assessment methodologies for community-level projects in developing countries.
Nevertheless, it is important to emphasize that proper baseline data are crucial for a credible evaluation. Using retrospective data to substitute for baseline data, as Whether a highway of regional importance passed through the village in 1998 Asphalt road
Whether the main road in the village was paved in 1998 Number of schools Number of primary and secondary schools operating in the village in 1998 Number of large enterprises Number of operating enterprises within 20 km of the village with more than 10 employees in 1998 Small enterprise
Whether the village had a small or medium-size enterprise operating in 1998 Police station (post, restaurant) Whether the village had a police station (post office, restaurant, or roadside cafe´) in 1998 Proportion of household with a phone Share of households in the village that were connected to a fixed telephone line in 1998 Proportion of household with a toilet Share of households in the village that were using latrines in 1998 Unreliable electric power supply Key informant in the village reported electric power supply to the village of less than 24 hours a day in 1998 (Continued) is done here, risks introducing recall bias, which can influence the precision of the results. Retrospective data cannot fully substitute for baseline data, but they can serve as a defensible fallback when first-best options are not feasible. Also important, the proposed strategy fails to produce robust results for projects affecting a small fraction of the population. For example, most of the results for water system rehabilitation projects are only marginally significant or insignificant. Data limitations required dropping health clinic and kindergarten rehabilitation projects from the analysis.
Thus, the proposed methodology is probably best suited for large-scale community-driven micro-projects deployed with little regard for subsequent evaluation, such as emergency or disaster response operations. Government-run decentralized public investment programs in developing economies are another good candidate. Projects of this type play an important role in developing economies, and assessing their effectiveness can help in making informed choices about their focus, scope, and delivery mechanisms. 
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